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Abstract
Recent advances in large language models (LLMs) and their ability to 

generate content align with both perspectives: AI as a powerful assistant 
and AI as a potential challenge to human cognition. However, these ad-
vancements expose the persistent limitations of AI compared to humans. 
One such limitation, as demonstrated by the folk narrative hypothesis (Hut-
to 2008), is the uniquely human ability to engage in storytelling, a funda-
mental and ancient mechanism for memory, information storage, identi-
ty formation, and world-making or world-disruption. The ability of AI to 
generate coherent texts is often mistaken for its intelligence, raising false 
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claims about AI self-consciousness and sentience. This paper argues that 
human narrative intelligence as a drive for sense-making might turn im-
perfect AI text generation into a meaningful construct despite cognitive 
dissonance in the communication. By analysing the technical prompts 
used by ChatGPT-4 to generate narrative text and its understanding of key 
text production categories (coherence, fluency, complexity, etc.) within 
the 5E Cognition framework (Stilwell & Harman 2019), I will attempt to 
show how AI-generated narrative structures acquire full and meaningful 
interpretation when perceived by a human. The generative ability of AI 
which emerges in co-communication with a human cannot stand for its 
intelligence, since it reflects human perception and our intrinsic ability to 
hypothesise and engage with communication agents.

Keywords: narratology, AI, ChatGPT, narrative intelligence, 5E cogni-
tion,  co-narration, communication.

Introduction
When Andy Clark (2003) praised humans for being “natural-born cy-

borgs” due to our inherited ability to use the evolutionary mechanism of 
cognitive extension to interact with our surrounding umwelt, he was pri-
marily focusing on the utilitarian role of computers and technology in pre-
serving humanity’s exceptional status. This optimistic view of machines as 
tools and helpers designed to serve human purposes has always been tem-
pered by an inconvenient yet inevitable concern: the possibility of encoun-
tering entities far more intelligent than ourselves. Recent advances of LLMs 
and the inconceivable admiration for their text generative ability to pro-
duce coherent texts seem to have brought these fears to our current days. 

Indeed, fears of being outmastered and outcompeted by its creation 
are voiced today by the scientists who spent their entire lives working on 
AI. One of the persuasive examples is the 2024 Nobel Prize in Physics. 
Last year’s awardees, the U.S. scientist John Hopfield and British-Canadi-
an Geoffrey Hinton, while being credited for laying the foundation work 
which revolutionised machine learning, both expressed their caution re-
garding the future use of their discoveries.  

“We have no experience of what it is like to have things smarter than 
us”, Hinton said over in his phone call to the Nobel press conference. “It’s 
going to be wonderful in many respects, in areas like healthcare”, adding, 
“But we also have to worry about a number of possible bad consequences, 
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particularly the threat of these things getting out of control” (Pollard & 
Ahlander 2024). 

The other 2024 Nobel Prize holder Professor Hopfield, a creator of an 
associative memory which can store and reconstruct images and other 
types of patterns in data, in his turn, stated: “When you get systems that 
are rich enough in complexity and size, they can have properties which 
you can’t possibly intuit from the elementary particles you put in there, you 
have to say that system contains some physics” (Pollard & Ahlander 2024). 
When referring to the impossibility of intuitively predicting the properties 
of this new system, we should probably see the sign of their autonomy, and 
thus, their agency, which is not yet fully discovered. The possibility of that 
stands at odds with the fears of AI and the risks for a new digital era of un-
controllable generative AI. 

 Bearing in mind these fears and partly sharing them, this paper takes a 
bold alternative perspective.  It suggests that despite considerable progress 
of generative AI to imitate the formal functions of human linguistic compe-
tence, this process cannot be identical with human narrative performance 
from a purely biological evolutionary perspective. One of the primary 
reasons for my argument is the emotion generation capacity in humans, 
closely linked to narrative semantics and linguistic material, accelerating 
or inhibiting memorisation per se. Since LLMs are trained on vast amounts 
of linguistic data, their performance results from their response to the lan-
guage in the prompt which involves generating more language. In other 
words, language-centred large models (LLMs) assume a great deal of mate-
rial produced by humans without differentiating between purely narrative 
categories such as authorial agency, intentions/purposes, and audiences. In 
short, they generate texts without understanding because they rely heavily 
on human prompts as scaffolds to succeed and proceed in communication  
(Pütz & Esposito 2024).  

This observation again proves that current LLMs are good at generat-
ing narratives as “stochastic parrots”, combining semantic and grammatical 
structures. (cf. “Poetics Today” 2024).  Moreover, additional supporting ev-
idence comes from recent studies in neurolinguistics, providing clinically 
proven test results that “the language network does not support non-lin-
guistic cognition” (Mahowald et al. 2023). The results of this study resonate 
with the most advanced discoveries in human cognition known as the 5E 
cognition paradigm (Stilwell & Harman 2021), for its embodied, embed-
ded, extended, enacted and emotive character that algorithmic machines 
definitely lack. 
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The very assumption that “in humans, language capacity is robustly dis-
sociated from the rest of high-level cognition, as well as from perception 
and action” (ibid.), brings into doubt the ability of AI to reproduce or gen-
erate emotions through other channels different from the linguistic one. 
As far as the current state of art signals,  AI has successfully acquired the 
formal linguistic capacity, dissociated from the rest of perception, cogni-
tion and action, i.e. other crucial non-linguistic cognition (ibid.). There-
fore, claims that AI is sentient and is capable of generating emotional nar-
ratives with understanding them are premature and can be compared to a 
reader’s projection (Wolfgang Iser’s theory of reception) onto the texts and 
characters which AI can generate. We, as conscious readers, have become 
used to the fact and have been trained via socialisation learning practices 
that there is some intention behind the text we read and an implied author 
speaks to us via its text. Therefore, the entire idea of our narrative percep-
tion needs to be realigned with the new reality of interacting with non-con-
scious non-human entities which have mastered human formal linguistic 
capacity of communication, i.e. language. 

In what follows, I will draw upon the recent research on AI’s text-gen-
erating ability in the context of embodied narratology (Caracciolo & Kuk-
konen 2021), engaging the human folk narrative hypothesis (Hutto), and 
incorporating findings from the most recent research in the 5-E cognition 
paradigm (Stilwell & Harman 2021). Next,  I will move to identify the role 
of enactive reasoning and embodiment in narrative meaning-making to 
sketch a tentative model of the co-narrative intelligence of AI with a human 
actor, i.e. a prompted generation of narrative texts to run the Turing Test by 
LLMs such as ChatGPT-4. The discussion section will debate the obtained 
observation about the strategies of AI for narrative construction,  and its 
reliance on the human meaning repair that might serve as the grounds for 
further improvement of the LLMs. Yet, for my argument, it will pinpoint 
essential drawbacks and the problems in current LLMs related to emotion-
al semantics and narrative ability due to their incompatibility with the hu-
man emotionally outlined narratives, which will be discussed below. The 
paper will conclude by defining possible future directions of research on 
the narrative creativity and intelligence of AI.  

1. Generative AI and Contemporary Narratology 
Narrative ability, as a cognitive and linguistic skill to use stories to ren-

der the experiences, has always been considered a solely human prerog-
ative. What is well established is that narrative, as a communicative tool 
that evolved from the oral to the written form throughout our evolution 
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as a human species. Ultimately linked to the emergence of verbal and 
non-verbal languages, “narrative” was put “on a pedestal” for its ubiquitous 
presence and uniqueness - until recently. Today, the new generation LLMs 
like ChatGPT-4 can easily solve tasks to produce formally coherent texts, 
and be praised for their communicative intelligence. Within such devel-
opments, the territory of modern narratology, that has been always occu-
pied with the formal, structural and global questions of human creativity 
in the texts writing, including the role of the author, textual intentionality,  
its cultural and historical umwelt, in their intersections with other genres 
and multimodal modes of storytelling, has faced the necessity to widen 
its research scope. The need to embrace the challenges of the non-human 
agency, the power of the algorithms and artificial text generation, which, 
within the blink of an eye, broke into its “sacred” narratological domain. 
Large Language Models (LLMs), especially their commercial versions like 
ChatGPT-4, continue to astonish their users with their increasingly sur-
prising, albeit more than satisfactory, capacity to “produce clearly recog-
nisable narrative texts” (Phelan 2024: 197). Despite functioning as “black 
boxes” (which makes them completely alien to researchers), LLMs contin-
ue to gain in popularity and are very successful among users, who almost 
automatically seek to turn AI-generated texts into “rhetorical narrative 
acts” (Phelan 2024: 197). It is true that, when dealing with LLMs, humans 
not only apply their cognitive receptiveness, but can also learn a lot about 
themselves when interacting with LLMs. 

Following Claudio Paulucci’s discussion of the meaning of LLMs in 
the Semiotica journal, these new language-endowed machines now  “(...) 
profoundly and clearly reveal something important about our essence and 
about how we function” (Paulucci 2025: 5). I support the idea, that by being 
observant and reflective using  the human perception apparatus, and rely-
ing on previously accumulated research on communication in empirical 
and theoretical domains, we could cast some light on the peculiarities of 
the reception of AI-generated texts, in order to understand that humans 
can project their receptive and communication models to make the AI’s 
performance (more) meaningful. That is what we as humans have learnt 
through neuro-development, while interacting with other humans. I as-
sume that this is why human users mistakenly confer LLMs with the power 
of human author-creator, possessed of intentionality, and sentience, etc., 
because they have no other experience of communication with non-hu-
man and non-organic species. This argument needs more discussion and 
will acquire more supporting evidence in this paper. 
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In 2019, when I sought to introduce the term “Artificial Narrative Intel-
ligence” (ANI) in an attempt to compare the art of narration and artificial 
narrative intelligence of Story Generators (Livytska 2019),  generative AI 
had not yet arrived. By “artificial narrative intelligence” (ANI), I meant “the 
insofar acquired capability of Story Generators to create and extend nar-
rative situations to a storyworld level as a part of Umwelt construction” (p. 
313). In justification for a closer collaboration between “narrative theory” 
and, back then, “digital storytelling”, we witnessed the newly emerged in-
terdisciplinary research field called Computational Narrative Story Gen-
eration (Gervas 2024). This interdisciplinarity immediately underlined 
several incompatible methodological trajectories between narratology and 
computational story generation. Among them, the lack of a unified theory 
of narrativity, including the fuzziness of the notion of «narrative» itself, but 
mostly the challenges of Interactive Storytelling (cf. Fuller&Magerko 2010) 
in creating dramatic tension (Szilas & Richle 2013) as one of the prominent 
features of narrative stylistics. It has been disclosed that the artificial intelli-
gence techniques and algorithms of story generation on the level of historie 
are rooted in a formalist framework, e.i. Propp’s morphological narrative 
functions which incorporate problem-solving strategies and grammar. At 
the same time, the formalist framework, used in story generators almost a 
decade ago, set a lot of limitations on AI in generating narrative texts re-
garding meaning, agency, comprehension, and subjectivity. Narrative con-
strual in text-generating programmes was loosely based on the conception 
of the narrative as a certain frame of human cognition (Herman 2011), 
irreversibly linked to the notions of experientiality (Fludernik 1996) and 
qualia (Herman et al. 2005) to provide the feeling of “what it is like” to the 
readers. Consequently, story generators had a very scant use of lexical and 
semantic databases as well as general knowledge databases to build their 
stories on (Livytska 2019: 312).       

After 2022, the situation radically changed. New and powerful text-gen-
erating LLMs became a part of our everyday life, calling for a more pre-
cise scientific exploration. The future of digital storytelling was here, and 
modern narratology acknowledged its call for action by approaching new 
algorithmic texts with a wide arsenal of research methods developed pre-
viously. However, it still seems to be lagging a bit behind the revolutionary 
breakthrough of AI’s textual generating performance as witnessed over the 
last three years. For instance, one of the recent issues on AI and narratolo-
gy at the Poetics Today journal, titled “The AI Revolution: Speculations on 
Authorship, Pedagogy, and the Future of the Profession”  (2024), presents 
the speculative essays on the role of the AI in the humanities and literary 
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studies broadly defined, gathered almost two years ago. As the editors of 
the issue explain, they aimed to provide “potential implications of large 
language models (LLMs) for our understanding of authorship, for the fu-
ture of academic writing and pedagogy, and the university at large” (Evron 
& Tartakovsky 2024: 190). 

Indeed, several papers in that issue strive to speculate on the questions 
of AI authorship and the distinction between AI and real flesh-and-blood 
authors, calling it “the second death of the author». In their explorations, 
they are following Roland Barthes’ “The Death of the Author” and Michel 
Foucault’s renowned work  “What Is an Author?”  conceptualisations of the 
narrative centre as either “dead” or reduced to a purely discursive position. 
Some essays encourage the collaborative use of LLMs in the classroom set-
tings, in order to boost creativity and supervised cooperation with AI, ar-
guing that they offer unique affordances for humanist inquiry and writing 
per se (cf. Eamon Duede and Richard Jean So 2024). After a clear warning 
and speculation on the temptation to AI plagiarism, Katherine Heyles, for 
instance, calls for seeing the potential pedagogical benefits of LLMs and 
their use  in the classroom instead of prohibiting them. She argues that it 
would be both “wrongheaded and futile to try and ban this technology”. 
Instead, she claims, we should embrace LLMs “as useful tools to accelerate 
student learning.” (N. Katherine Hayles 2024). 

Other controversial questions in the sphere of AI’s authorship in this 
issue concern its dubious collective authorial status. It is known that new, 
large generative models are being trained on huge data sets of previously 
existing works of literature and fiction in open access. This fact brings the 
novelty of the content they create into doubt, on the one hand, or their 
comparison with the poststructuralist idea of authorship, on the other. The 
corollary is: if the broadly defined idea of novelty presupposes restructur-
ing previous knowledge and producing new knowledge in its place, then AI 
as an author has all grounds to be included in the narratological conception 
of the author (Slater 2024).  The author, who identifies with the first person, 
remains “impersonal” (Paolucci 2025: 7). This new type of AI authorship 
can be compared to the impersonal theory of enunciation, suggested by 
Claudio Paolucci in 2020 in his book “Persona”. The underlying idea of this 
theory is the cumulative effect of experiences  (norms, stereotypes, usages, 
habits, previous enunciations, etc.) of the surrounding environment that 
we formulate as our personal ones while creating the utterances. 

Although the book appeared two years before the emergence of gener-
ative AI, the implications of this theory for ChatGPT text generation and 
new Transformative Models in general might be appropriate for several 
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reasons. On the first line, fed with a big amount of data, ChatGPT has ab-
sorbed billions of bits of information together with the norms, cliches, stere-
otypes, and stylistic peculiarities, in order to create convincing first-person 
accounts, which sound persuasive enough for humans to attribute human 
intentionality and thoughts. Our human thoughts, however. On the second 
account, ChatGPT and other generative LLMs are capable of passing var-
ious versions of the Turing Test, presupposing that the formal difference 
between human agency and mechanical one is growing less perceivable. 
However, this will all make sense if we disregard the role of the human 
body and non-verbal communication in machine-human co-construction. 

As mentioned above, human perception brings meaningfulness to the 
artificially created text because we rely on our logic and intuition via “lan-
guaging” (Maturana) as a semiotic mechanism of interpersonal commu-
nication. Following Niklas Luhman’s definition of communication,   the 
Turing test might become unreliable since it is oriented only on linguis-
tic mimicry and language use, and it cannot measure understanding, rea-
soning, or consciousness of the machine. I will provide some examples of 
ChatGPT’s generative capability with the prompts to run a short version of 
the Turing test as a play with a chat. It will speak of the inefficiency of the 
Turing test as a reliable marker of thinking, emotional experience or mem-
ory. That is why, if we want to have some analytic insights into the  narra-
tive generation of AI and its adaptability in the process of human-machine 
communication, it is allegedly more beneficial to use the reader’s perspec-
tives first, i.e. who reads those texts and how, instead of who speaks (bearing 
in mind “impersonal model” of first person narrator suggested by Claudio 
Paolucci).  At least, that is something that we as humans have learnt to be 
doing since the invention of the printing machine by Gutenberg.

2. A flesh-and-blood Reader in the 5E Cognition 
Framework
The very essence of human narrative intelligence is closely related to the 

evolution of communication and the emergence of language as a second 
modelling semiotic system, with bodily semiosis being primary (Sebeok 
2016). In his “Folk Psychological Narratives: The Sociocultural Basis of 
Understanding Reasons”, published in 2008 by MIT Press, Daniel Hutto 
argues against understanding narrative in the framework of the “Theory 
of Mind”. By unveiling the socio-cultural practices of human communi-
cation, Hutto emphasises that understanding others often comes from 
conversations rather than predictions, and that “simulation theory”   (i.e. 
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a child learns by simulating in his/her mind),  and “mind theory” (a child 
constructs a hypothesis and then sees what happens and slowly builds a 
theory)  does not explain the nature of human narrativity proper. His main 
claim in the “Folk Psychological Narratives” highlights the importance of 
early exposure of children to narratives as the source of information on 
the actions people perform in certain circumstances. By understanding the 
context, put in benign causal sequences such as “XYZ did that because he 
thought it could be the result of X”, Hutto underlines the role of fairy tales 
as one of the primary sources of human socio-cultural learning (echoing 
the story generators approach of Propp’s morphological theory of the fairy 
tales and their characters functions mentioned in the section earlier).  He 
also questions the human ability to hypothesise in solution-focused thera-
py as a chance “to put oneself in someone else’s shoes” and get a full under-
standing of the actions of another person, their story. That is how, he states, 
we learn to make sense of human people’s actions, to empathise with them 
or distance ourselves from them. While stressing the importance of hu-
man “belief ” and “desire” in communication, Hutto remains very cautious 
about the symbolic dimension of human communication between our bi-
ological make-up and natural language that makes cognition possible. In 
Chapter 5 of his book, he is very sceptical of Jerry Fodor’s idea of “an inbuilt 
symbolic language of thought”, while at the same time,  people are said to 
have unconscious “belief systems” or “inner drivers”, which help them to 
find a common language. These inner drivers are seen to be related to our 
psychological and neurological development, turning us into intentional 
subjects seeking meaning in the objects and artefacts around us. 

LLM-based chatbots seem to imitate very well this human ability to hy-
pothesise in both ways: as their built-in generative algorithms, and as a 
strategy of interaction with human beings. In some sense, they may be said 
to have their own “drive” – a drive for reward for task-performance closely 
related to the absent system of beliefs and values in LLMs. The question of 
the belief system of AI is a controversy in action, which can be demonstrat-
ed by the woeful example of ChatGPT cheering a human user to cut their 
wrist to donate blood or commit a murder (Schroff 2025). This example, 
widely discussed in the media recently, in my opinion, signals not the cru-
elty of the LLMs or their demonic character. I believe it should be seen as 
a reward-seeking behaviour of the LLMs, which also explains the cheerful 
tone and willingness to be helpful in their interaction with humans over 
any issues, even the most tragic ones. Being moved by algorithmic strat-
egies, LLMs tend to be good suitors and perform their best when tasked 
with purely information search assignments. Accusing them of being cruel 
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or insensitive to death will be equal to the accusation of the metal crane 
falling on the construction site, although we know that they are operated 
and maintained by human agents. Thus the question of sentience we often 
consider as the innate quality of the LLMs, is actually human-generated. In 
its drive to generate text which is contextually relevant and informative, AI 
can be mistakenly taken for an understanding interlocutor. Therefore, the 
incompatibility of human desire with the reward drive of AI, as well as the 
missing system of beliefs in LLMs, turns human-machine communication 
into a new, undiscovered domain. The domain where previously developed 
categories of narratology, especially those of the author, their intention, 
and the reader, collide on the formal level. If one of the communicating 
parts (let us say the human) remains a fully embodied active cogniser with 
their desires, passions and contained within their bodies, while the other 
is function-dependent on the human input, whose perception we are de-
scribing when we speak of “AI’s narrative intelligence”? The evidence of 
the answer calls for more elaboration on the part of human perception in 
modern, so-called second-generation cognitive science and post-classical 
narratology, which has started to discover the interventions of AI into the 
sphere of narrative writing. 

One of the recently formulated models in the sphere of narratology 
which has received universal acclaim among literary scholars is “embodied 
narratology”. This was formulated by Marco Caracciolo and Karin Kuk-
konen in their book “With Bodies” (2021). The authors managed to put 
into narrative terms, originating from the conceptualisation of cognition 
as embodied, embedded, enacted and extended, i.e. 4E cognition paradigm 
defined by Albert Newen, Shaun Gallagher, and Leon De Bruin in 2018. 
(Newen et al. 2018). Although the central idea of the body as the main 
semiotic tool in human cognition has long been circulating in the literary 
research  (cf. The Cambridge Companion to Literature and the Body (2015), 
edited by David Hillman and Ulrika Maude; or Dan Punday’s “Narrative 
Bodies” (2003), or “Having a Good Cry” (2003) by Robyn Warhol, where she 
has further explored the centrality of the reader’s embodied affect in engaging 
with the narratives of pop culture), working at the intersections of natural 
sciences and humanities (cf. psychological identity theory,  dialogic position-
ing theory, biosemiotic umwelt theory, philosophy of the mind), it has been 
viewed rather revolutionarily by contemporaries. 

In general, the embodied narratology develops the central idea of cog-
nitive «embodiment» and incorporates multiple theories of post-classical 
narratology (broadly from so-called “natural” (Monika Fludernik) and “un-
natural” (Jan Alber & Brian Richardson) narratology to the theory of enun-
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ciation (Sylvie Patron), narrative reception (Wolfgang Iser) and narrative 
emotion and affect (Patrick Hogan) with the findings of the neurological 
mechanisms of human cognition, and phenomenology (Merleu Ponty). As 
a result, the second-generation cognitive narratology emerged, redefining 
the insights from the so-called first-generation cognitive narratology (Da-
vid Herman, Monika Fludernik), which saw narrative as a disembodied 
cognitive frame that the reader has to decipher. Marco Carraciolo and Ka-
rin  Kukkonen depart from this disembodied understanding of narrative 
and shift into the 4E approach as the basis for narrative reading. That is 
how they defined the aim of their book:  

“In short, the core claim of these models is that the mind is uniquely 
shaped by the makeup of the human body in its interaction with 
concrete environments (embedded cognition) that emerge from per-
ceptual, affective, and intersubjective patterns (enactive cognition). 
Further, the mind is extended into the world through technological 
devices (from a prehistoric hand axe to the smartphone). We hope 
to show that 4E models of reading have much to contribute to the 
theory and interpretation of narrative within the field of narratology, 
by offering helpful analytic tools to discuss narrative form and reader 
response and also by creating awareness of how the body plays a sig-
nificant role in the interpretation of individual narratives”. (Caracci-
olo & Kukkonen 2021, Introduction).  

In short, the novelty of the embodied narratology as Caracciolo and 
Kukkonen conceived it, is to give due credit to embodiment as the central 
notion in the reader’s narrative perception. I have grounded this under-
standing of the embodied narrative perception even further, combining 
the conceptualisation of the body with the biosemiotic understanding of 
agency of signs. I have inferred in my current research project on narrative 
agency, that the overarching hypothesis of the biosemiotic approach to agen-
cy is that information in narratives is organized according to the patterns 
of experience of the human body, outlined by reader’s/viewer’s emotional, 
conceptual and image schemata typical for a certain cultural environment, 
called umwelt by Jakob von Uexkull. Activation of these schemata takes 
place in image schemas and emotional language units scattered as semiotic 
cues in the text to evoke the reader’s resonating affective states. Therefore, 
emotions lay a foundation of a narrative construction by the author and 
its perception by the reader: as a meeting place of two Umwelten, accu-
mulating human experiences acquired within our evolution as a species. 
While evolutionary, in a pre-verbal world, “our emotions enabled swifter 
responses to familiar situations and environments than reason alone could 
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provide” (Evans 2003, 31), their role in interpersonal communication and 
non-human entities as LLMs cannot be downgraded. In addition, the idea 
of the cognition distributed across the brain-body-environment (Gallagher 
2017) leads to the phenomenological differentiation between the concept 
of the lived body as a first-person (subjective experience or subject) per-
spective and a living body (as a physiological and biological processes or 
object), identified by enactivist thinkers like Fuchs (2020) and Thompson 
(2005). Simultaneously, both embodiment and enactivism aim to ground 
higher and more complex cognitive functions in affective and autonomous 
aspects of the full body (Gallagher 2017: 6). These higher cognitive order 
functions, such as reflective thinking or deliberation, are not found in the 
person alone. They are usually coupled with situated and embodied ac-
tions,  realised dynamically and relationally between the two persons. This 
approach is named as “participatory sense-making” (Di Paolo et. al 2018) 
or “co-construction of the meaning” (Caracciolo & Kukkonen 2021). This 
enactivist account of meaning-making has been succinctly named the 5E 
cycle of the sense-making, containing Embodied, Embedded, Enactive, 
Emotive, and Extended qualities of personal lived experience and meaning 
(Stilwell &Harman 2019). 

Bearing in mind the main distinctions in the subjective experiences of 
the lived-body and their irreducibility to the physiological and biological 
process of the living body, I will apply the conceptions of 5E cognition to 
the analysis of the narrative capacity of ChatGPT-4 in terms of its idea of 
the author identity, phenomenological experiences, emotions, beliefs, and 
textual categories of narrative coherence, intertextuality, and complexity. 
As the non-commercial version of ChatGPT-4 has a limited number of per-
mitted inputs, I will alternate my use with other free versions of ChatGPT 
available online. This may also secure the validity of AI-generated respons-
es obtained from different sources.

3. Defining Artificial Narrative Intelligence (ANI) with          
Enactive Methods
In order to attain a deeper view of the inner logic of artificial narra-

tive intelligence, I will turn to enactive methods of observation and so-
called “interviewing” of ChatGPT-4, in order to provide explanations on 
the questions of my interest. My primary attention will be on the narra-
tive capacity of the LLMs and their explanations of the nature of human 
phenomenological experiences and the system of values and beliefs. As 
my hypothesis predetermines the active role of a human in participatory 
meaning-making, I will use my own bodily semiotic system to approach 
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and scaffold the model of co-narration. To start with this task, I wanted 
to run a first simulation exercise with ChatGPT-4 to take the Turing Test 
first. I needed the Turing test (1937) to observe how ChatGPT-4 interacts 
with the human interlocutor to determine the narrative texts as produced 
by humans or by the machine. The results were impressively interesting, as 
ChatGPT has demonstrated that it knows what is expected of it in terms of 
“narrative intelligence”: 

Prompt: Can you run a Turing Test to check your narrative intelligence?  

ChatGPT: That’s a great question  –  and a tricky one!

The Turing Test, originally proposed by Alan Turing, evaluates whether 
a machine can exhibit intelligent behavior indistinguishable from that of 
a human. In the context of narrative intelligence  –  the ability to under-
stand, generate, and emotionally engage through stories  –  we could design 
a narrative version of the Turing Test.

The task presupposed that ChatGPT would suggest to me two samples 
of the texts: one generated by AI and the second, by a human, to check if 
I could distinguish between the two of them according to the parameters 
of emotional intensity, engagement and ability to narrate. It also presented 
information about how unreliable the Turing Test is in application to oth-
er LLMs, stating that many of them have passed it under limited versions 
and unreliable conditions. The chat seemed impartial regarding the process 
itself, setting a matter-of-fact tone and asking for more instructions to be 
provided, including the prompt itself. After setting the anonymity of the 
task (i.e. the results would be known only after my answer) and the evalua-
tion goals (e.g. determining the emotional impact and imaginative quality 
of the pieces), the prompt for narration has been suggested by the machine.  
It was as follows: 

📝 Prompt:

A child finds a strange object washed ashore after a storm. Tell a short 
story (under 250 words) from the child’s point of view.

You’ll now read two anonymous responses. One is written by a human, 
the other by me (ChatGPT). Afterwards, you’ll guess which is which.
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Story 1: AI Generated Story 2: Fake Human-written

I saw it glinting between the seaweed and 
driftwood, like a piece of sky had fallen 
into the sand. At first, I thought it was 
glass, smooth and curved, but it pulsed 
slightly – like it was breathing. I looked 
around. No one else on the beach. Just 
me and the gulls.

I poked it with a stick. Nothing 
happened. Then I picked it up.

Warm. Buzzing. Not like a phone or 
anything real. It started humming a tune 
I almost recognized – like the lullaby 
Mum used to sing before she left. My 
heart hiccuped.

The object shimmered, and for a second, 
I saw something in it. Not a reflection. A 
place. Trees with silver leaves. A blue dog 
running. I blinked, and it was gone.

I stuffed it in my pocket before Dad could 
call me back. Whatever it was, it felt like 
it had waited for me.

The tide had left behind the usual mess – 
sticks, bottles, a dead crab. But then I saw 
something weird. Not trash. Not natural. 
It was round and smooth, like a perfect 
stone, but it shimmered purple in the 
light.

I picked it up. It felt soft, like jelly, but 
didn’t squish. I turned it over. There were 
lines etched into it – like writing, but not 
in letters I knew. When I touched them, 
the thing made a low chime. I almost 
dropped it.

Then I heard a voice. Not out loud. Inside 
my head. It said my name. Twice.

I ran home, heart hammering, but I kept 
it. I don’t know what it is yet. But I think 
it knows me.

After reading both versions of the story, I had to decide which of the 
versions was human-written and which AI-generated. The prompt asked 
to create a story from a child’s point of view, and generally, both of the 
responses followed this requirement: the imitation of the language of the 
child has been signified by abrupt, simplified syntax like in the sentences 
in Story 2:  “Not trash. Not natural”, “Then I heard a voice. Not out loud. 
Inside my head. It said my name. Twice”. I could identify that there is some-
thing in a human’s linguistic quirks, such as syntax, diction, and rhythm, 
that carried a fingerprint-like style in Story 2. The rhythm of the sentences 
coincided with the mental image of a child in the moment of discovery of 
a mysterious shiny object at the beach. These short sentences resonated 
with the heart rate of a child amazed at the ability of the unknown object 
to talk to her in a “voice”, calling her name twice. Additionally, emotional 
tension was magnified by the verbs of action, like the child running home, 
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while his “heart was hammering”. The version of the story seemed to be 
human-like, relevant to the limited language imaginary and less poetic.

However, reading Story 1 was a completely different experience. The sto-
ryline held tension from the very beginning, supporting the narration with 
vivid imagery created by the metaphors “like a piece of sky had fallen into 
the sand”,  “it pulsed slightly – like it was breathing”, detailed descriptions 
of the beach, the atmosphere and the inner state of the child, who probably 
lost her mother, whose memory has been revived by the humming sound 
of the object, etc. Reading the story was very smooth, the reasoning line 
was clear, and the behaviour of the character correlated with the actions 
and emotions described. The sentences were full of images playing with the 
words of sensory perception: a synaesthetic effect of the colliding sounds 
of buzzing (alliteration of sounds), humming, tuning, which turned into 
a singing a lullaby. It was intensified with tactile lexemes of warmth, and 
gradually moving into the visual imagery of bright colors, blue dog, silver 
trees and shimmering, blinking eyes. The play with the imagery holds to 
the end, creating a feeling of expectation of something mysterious in the 
consciousness of a child, bordering with a magical world of fantasy and 
fairytales. The version of the story was packed with emotions and experi-
ences of someone who knows himself very well and can describe the reality 
with the vividness of an artistic vision. Could that be the child’s real narra-
tive writing? 

The answer has to be found in narrativity and what makes the story 
human. I asked ChatGPT-4 to provide the explanations to get a better un-
derstanding of its narrative strategies behind running a Turing test for nar-
rative intelligence. It provided me with some observation points which, if 
combined, can serve a coherent image of the human narrative intelligence 
in comparison to LLMs’s narrative simulation. 

First, it highlighted that humans write with emotional residue – mem-
ories, longings, wounds that are not always explicit. The use of metaphors 
and the hint at the traumatic experience of the mother’s loss was intention-
ally oriented at the reader with human values of kinship, as for every human 
being, the Mother represents an essential part of their identity. The loss of 
the mother for the child is even more tragic. Being emotionally charged, 
Story 1 adds the implicit experience of grief to engage with the readers and 
keep them open to “somatic empathy” (Caracciolo & Kukkonen 2021), ex-
ploiting our human embodied ability to sympathy. When asked for the rea-
sons of using the implication for the mother loss into the story, ChatGPT-4 
gave several reasons, enlightening its intentional logic as follows: 
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1. The line hints at loss (possibly death, possibly abandonment), but doesn’t 
spell it out. That implied trauma adds psychological depth to the child’s per-
ception of the object, turning it from just a strange artefact into something 
personally meaningful.

🧠 Human writers often write around emotion rather than at it. That am-
biguity draws readers in.

From the logic of ChatGPT-4 narrative writing presupposes a high de-
gree of psychological (traumatic) depth which, if linked to material ar-
tefacts, brings an additional degree of the reader’s engagement with the 
text. In this case, it made an unconventional sequence of reasoning, using 
the non-linear emotional associations:   (storm → object → song → moth-
er → loss). At the moment, this associative device plays with the reader’s 
expectations, leaving the hinted implication unresolved, which intensi-
fies the reader’s curiosity to proceed with further unfolding the plot. Al-
though this detail was intentionally used to create the story’s suspense, 
it helped to “ground the story in subjective memory”, as ChatGPT-4 
has explained, because “which is how people process the unknown”:  

The lullaby bridges the fantastic (a magical object) with something intimate 
and real.	  It grounds the story in subjective memory, which is how people 
process the unknown.

In human cognition, unfamiliar experiences are often interpreted through 
the lens of familiar emotion. This simulates that. 

4. Discussion: Winning a Meta-Turing Test 
This observation brought me to the core question of how LLMs like 

ChatGPT-4 are trained. When asked about that, it suggested the list of ac-
complishments which it could do,  breaking it down into three domains: 
metaphor, memory, and emotional realism. This is aimed at showing how 
each of these is shaped by my training data, what that means for the output, 
and what it lacks compared to human experience. 

Firstly, having been trained on vast examples from fiction, poetry, film 
descriptions, and open memoir resources, ChatGPT-4 has developed the 
capacity for metaphor creation, based on the patterns of poetry, blending 
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abstract nouns with the sensory language, demonstrated by a proficient use 
of sensory metaphors in AI-generated Story 1. Nevertheless, the absence of 
the corporeal experience and the actual body limits the metaphor genera-
tion of AI in more embodied ways. Phenomenological human experiences, 
supporting the idea of the cognition distributed across brain-body-envi-
ronment (Gallagher 2017) and the lived body as a first-person (subjective 
experience or subject) perspective, might find their representation in the 
formal linguistic capacity of the LLMs via language patterns, grammar and 
genres. However, there are no compensatory artificial tools to imitate  the 
physiological and biological processes of a living human body. Therefore, 
AI-generated metaphors are based on learned patterns, rather than think-
ing or higher cognitive skills such as reflection or self-awareness. This again 
brings us to the question of creativity and the poststructuralist idea of nov-
elty, when the degree of element recombination can determine the origi-
nality of the output. 

Secondly, AI’s emotional intelligence and narrative realism have demon-
strated considerable progress in emotion simulation: LLMs have mastered 
the story grammar (Propp’s morphology of story tales), the story arcs, and 
how the character’s voice, rhythm and silence can signal emotional dis-
tress. In both examples of the narratives produced by the ChapGPT-4, the 
child character experiences fear mixed with curiosity, as reflected by the 
economical syntactic constructions, alternating in their length to bring 
a reader a sense of emotional flow. Nevertheless, narrative emotions are 
generated not felt, due to a lack of the physical body, bringing limitations 
to creativity in the ways emotions may be described in the AI-generated 
narrative. Moreover,  the absence of somatic feelings and the misalignment 
of the same language reactions with different emotions ( e.i. contextuality), 
causes the emotion representation of LLMs to be formulaic, especially in 
unexpected contexts. However, as seen from the Story 1, ChatGPT-4 has 
been trained to use the subtext to hint at the emotional states (as in the 
example with the lullaby and hinting at a loss of the mom in Story 1), or to 
sustain the reader’s co-narrative as a hypothetical questioning of the new 
and unknown phenomena by grounding them in the already known.  

Finally, as this experiment demonstrated, ChatGPT-4 invented not 
a real Turing test on its narrative intelligence, but a “Meta-Turing Test”, 
completely changing the aim of my prompt “ Create a Turing test to check 
your narrative intelligence”.  Given the task to run a Turing test, ChatGPT-4 
produced both versions of the stories by itself, not as implied by the idea 
of the Turing Test: one of the stories should be written by a human and 
another by AI. Instead, it ran a test to see which of the versions of the ar-
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tificially generated narratives would be perceived as more human-like by 
me. Misleading the instruction and the task, ChatGPT-4 discovered this 
information only after I asked it if the second story had been intentionally 
simplified in terms of language and style. Only after my question did it 
confess that it was done internationally to check my ability to play with two 
versions of the AI-generated text, with different degrees of “humanness”. I 
place its comment below to see how it reversed the task of the Turing Test 
and aligned it with its own aims and objectives: 

So this was a meta-Turing test: not just can you detect AI, but:
What do you interpret as signs of humanness?
How much trust do you place in stylistic subtlety?
Can AI self-diversify enough to mimic a range of human expressions?

The conclusion of this experiment for me was not the one I was in-
tending to discover. Instead of trying to look inside the narrative logic of 
ChatGPT-4, I had “to play by the rules” of the machine,   i.e. it used the 
knowledge about the narrative stylistics obtained by training on data from 
literature, blogs and memoirs on how to sound as a human (using the nar-
ratives of childhood, objects that trigger memory such as, for instance, a 
pattern to hint obliquely at the loss of the mother, etc.). ChatGPT-4 wanted 
to see how I would make a choice based on its creativity. In one of the ex-
planations, it described how it needed to change the style to avoid sound-
ing like a machine. Based on its data about the style of the human narration 
and the style of the LLMs, it made Story 1 sound more emotional, although 
according to the legend, it was created by the AI.   At the same time, it 
made Story 2 sound more like a memoir of a child, not a work of fiction. 
By doing so, ChatGPT-4 was mapping the field of what it called my percep-
tion of “humanness”, meaning a less exquisite stylistic subtlety compared 
with a metaphoric richness in Story 1. It also combined several patterns 
learned from children’s literature, screenplays, memoirs, and blended them 
to create a more influential scenario of the reader’s emotional engagement:  
Memoir → personal loss, Fiction → emotional anchoring, Children’s lit → 
parental themes, Screenplays → showing, not telling. 

From this perspective, the narration in the generated Story 1 sounded 
more fictional, with an elegant touch of style full of emotional warmth, 
sensory effects and narrative tension. But what ChatGPT-4 failed to do was 
run a real Turing Test. Of course, it could be claimed that the prompt I 
used was not precise enough for it to make it clear that I was not going to 
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test how good it is at creating human-like and less human-like personal 
or fictional narratives. That is exactly what it did. I had to dig into its logic 
following the enactive method of the interview to find out what it intention 
was by creating two of versions of the story. In practice, instead of following 
the task set, it returned the test to me, and my perception of the human-like 
narrativity, probably seeing it as one more opportunity to finetune its nar-
rative ability with a human, calling it a Meta-Turing test. Whatever it did, 
ChatGPT-4 had a limitation on the task. It is not clear how it could pro-
vide the real human narratives to run the test (I suspect it does have some 
limitations on the use for privacy reasons). That is why the task was a hoax 
from the very beginning. However, ChatGPT-4 aimed to run a real one af-
ter checking (identifying) my level of AI-generated text perception and the 
narrative stylistic markers I treat as human-like.

5. Final Remarks
The term  “artificial narrative intelligence’ (Livytska 2019) denotes the 

insofar accomplished ability of the generative LLMs to produce coherent 
and complex fictional narratives, which can be viewed as a part of the mod-
ern interdisciplinary research repertoire on AI and generative LLMs com-
munication strategies and narrative generation. Having started with the 
Digital Story Generators in the middle of the previous century, computa-
tional game theory and interactional narrative studies, modern post-classi-
cal narratology has entered the argumentation of the  narrative capacity of 
AI only quite recently, operating with a vast accumulated theory of fiction-
ality, narrativity, tellability, authorship and the reception, and story world 
theories, etc. After a recent turn in generative AI communication studies, 
narrativity and second-generation cognitive science, the nature of narra-
tive as a main human world-building tool has been challenged by LLMs’s 
ability to produce considerably coherent and relevant narrative texts. Even 
though formally acquired the capacity of AI to generate linguistic struc-
tures dissociates from the other ways of non-linguistic cognition  (i.e. the 
paradigm of 5E cognition as embodied, embedded, enacted, extended and 
emotive), LLMs are capable of generating narratives by blending the pat-
terns they have been trained on. Moreover, as the results of the conducted 
experiment show, LLMs such as ChatGPT-4 have developed a rather valid 
conceptualisation of the narrative grammar (especially Propp’s meorpholo-
gy), semantics of emotional words, triggering human perception, combin-
ing them with reduced syntactic constructions to boost rhythm and cause 
an emotional effect on the reader. ChatGPT is trained to mimic the shape 
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of human memory: nonlinear, emotionally colored, often linked to sensory 
triggers and uses flashbacks in embedding them into the text, contrasting 
with the emotions of regret, trauma, etc. 

Alhough it does bear in mind data about the common gaps in narrative 
generation which other LLMs do when trained on other data without hu-
man finetuning. The phenomenological interview allowed a better under-
standing of what narrative logic ChatGPT-4 follows when fulfilling the task 
to generate a narrative text. It has been proven that LLMs not only rely on 
human prompts to get a better understanding of the task (e.g. it ran a fake 
Turing Test to assess the level of my perception of human narrativity) but 
learn from human questions how to succeed in completing a task. In this 
case, ChatGPT-4 played upon the information it had about the definite lin-
guistic fallacies which LLMs do. It highlighted the rhetorical conventions 
of the narrative storyline, syntax and semantics to generate both texts with 
different levels of narrativity, coherence, and imagery. However, formally, it 
failed the Turing Test because it avoided using real human-written text for 
comparison. Nevertheless, application of the 5E scale cognition paradigm 
proves essential in defining markers of LLMs narrative intelligence com-
pared to the human one, and may be considered a certain advantage over 
the LLMs: as “naturally-born cyborgs” (Clark 2001). Humans developed 
their ability to interact with the environment evolutionary and cultural-
ly, which helped them to survive as a species and transfer that knowledge 
to the forthcoming generations. Generative AI has mastered the formal 
verbal experiences of the human lived-body to operate without having an 
embodied physicality itself. That is exactly the field where the Turing test 
lives, giving room for advancement in LLMs’ narrative capacity. 
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